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[ Abstract] Alzheimer's disease (AD) is the most common neurodegenerative disease with a steadily increasing morbidity rate,
characterized by memory and cognitive impairment. The treatment efficacy of patients with AD is generally dismal because irreversible
neuronal necrosis has often occurred at the time of diagnosis due to the features of insidious onset and progressive development. Therefore,
early diagnosis is imperative to delay disease progression and improve prognosis. Recent studies have reported the significance of the
radiomics in early diagnosis of AD before the occurrence of structural damage, radiomics can extract and analyze image features in
high-throughput from medical images, which is widely applied to the diagnosis, classification and prognostic assessment of various diseases,
this article mainly reviews the research progress of the radiomics analysis in the diagnosis, predictive assessment and classification of AD.
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